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T, FAE TR PR C 9Bk 3h % (TTSRV):

TTSRV = (1 - %K)_l ({Y, YK %{{Y, Y}W)). (18)
A
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tit K t. — ¢ T
/ 02ds ~ ”KT L. / 02ds. (19)
t; 0

R H (8] 9% 34 & 2 % A7 K 79 (highly persistent), SL¥T 00T 5 2 8. AT LUK Al
R B E XA B, BT & F ST (30).
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AR I AR, LS I TR, £ 0] ORI, I = 1, S HABET, I7 = 0.
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YBALELERE, N T R SISO E SR, Zhang MSIHE T R E OS2I sh & A1t
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KoM > 2. 9T BHEMSRV* Efifliit [ o2ds, B3R

M n+1—K¢

M
'21 a; =1 A 21 O = 0. (22)
1= 1= K3
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1 (22) 40 T

M M .
Ya=1 A = (23)
i=1 i=1 e
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G, BAINA 5 #.

513 11 % K,1=0(1), Kpo=0(1) (4n — o0). ZERK1IF3T, N
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Hep[y, Y|k = (X, XKD 4 2[ X e] (KD 4 [e, ] (KD = 1,2,
FERBIRIBT, (X, X] ) = 0,(1), i = 1,2. AR SCHER[17] 5] BLA 2R #EA L1, &
fiTmr 5
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I
—

EH 12 FaiE E(23)RX, FH LUn — 0o, M — ocofit, M = o(n), M3/n — oo,
M
%az—o( (n/M)'?), 2 ai/Ki = o(M =), B max |la;/(i- )| = 0. BRAEE A
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T T
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0. A I 2 0 SR R, LNy X 1[0, TP Ik A B, LA TR (Ny <
o), T, R

(v, YK _ [y vy (i) = Op(%(a In 5] + 1)).
DAL, A 25 A (23) 5 7€ BESIRMB 1A T, FRATTAT A0

M M
TMSRV — MSRV* = 3 a; - {Y, Y} 50 — 37 iy, =] 5
i=1 i=1

M
= Z:la ({y, Y ED yr B = o (1),

RITMSRV 5MSRV* A AH 5] AR BE P 5T . IE5E. O

FIE 13 LT EERA, AT k% B XIS SZIE AR, (B3 7 'R R &
T8 77 X 46 1.
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Nonparametric Estimation of the Integrated Volatility of
Jump-Diffusion Processes with Noisy High-Frequency Data

YE Xuguo'? LIN Jinguan'
(* Department of Mathematics, Southeast University, Nanjing, 210096, China)
(2School of Mathematical Sciences, Kaili University, Kaili, 556011, China)

Abstract: This paper studies nonparametric estimation of the integrated volatility of Poisson jump-
diffusion processes with noisy high-frequency data. We propose jump-robust two-scale and multi-scale
estimators. The estimators are based on a combination of the multi-scale method and threshold technique,
which serves to remove microstructure noise and jumps, respectively. Furthermore, asymptotic properties
of the proposed estimators, such as consistency, are established.
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