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ADMISSIBILITY FOR LOSS ESTIMATION

Zou GUOHUA ZH0oU GUANGYA
(Jingdezhen Ceramic Insiitute) (Jiin University)

In this paper, the sufficient conditions for the admisgibility of loss estimators of

usual estimators are given for the normal and Poisson cases. As an application, we
obtain the Johnstone's result(see[1]).
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